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Previous work

@ Weighting low and high frequency terms of Fourier series to
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A data-driven model that maps low-res to high-res volumes. |
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Dataset

@ Protein structures from SCOPe database!

@ ~ 15,000 protein structures

@ Simulating atoms with Gaussian blobs with ¢ width and
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weight relative to their atomic number using Chimera

@ Generate samples with different resolutions

Atomic model Resolution
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Visual results—simulated

o PDB ID: 2b5r

Low-res (input) High-res (gt.)

9/11



Visual results—experimental
o EMD-7550
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